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Part1.   Introduction to the Final Project



Introduction

Have you explored the world of NLPs through our courses and assignments?

Now it’s time for the final project!

For this project, we invite you to choose an NLP-related task or problem that excites 
you. Use what you've learned to create a solution, and present it through a final paper 
and poster presentation.



Introduction

Projects can be done individually or in teams, following these guidelines:

• Team Size: Projects can be done solo or in teams of up to 3 people.

• Teamwork Encouraged: We recommend completing the final project in a team. Larger teams 
are expected to  take on more ambitious projects.

• Contribution: The final report should include each member’s contributions.

• External Collaborators: You can work with people outside the course, but clearly state your 
own contributions in the final report.

Team Work



Introduction

The final project includes a poster presentation and a final paper:

• Poster Presentation [Date: December 18th, 2026]: Create a poster and present your project on-site. Use the 
provided poster template: https://docs.google.com/presentation/d/1pBJuB-
wazGyGHTiDNQ6msihS2cyyZDYL71VgE6o3FrE/edit#slide=id.p1.

• The teaching team could print poster freely for submitted poster no later than the hard  
deadline (17:00, December 17th, 2026).  If you did not submit your poster on time, you have to 
print it by yourself and bring it to the poster session.        

• On-site presentation  on December 18th, 2026. Details would be notified later.

• Final Paper [Deadline: December 25th, 2026]: Submit a clear, concise PDF report about your project. Access 
the report template here:  https://www.overleaf.com/read/nkgjmyqghssh#3c4f20. (Usually up to six pages 
excluding references)；Copy this project and edit it yourself.

• The report should not exceed 6 pages, excluding references. Submissions exceeding this limit are permitted 
but may not provide any additional benefit for grading.

Requirements

https://docs.google.com/presentation/d/1pBJuB-wazGyGHTiDNQ6msihS2cyyZDYL71VgE6o3FrE/edit#slide=id.p1


Introduction

The final project has two parts: a poster presentation and a final paper.

Requirements

1. Poster Presentation 2. Project Report



Example of posters
Introduction



HuatuoGPT, trained on ChatGPT and real-world data, creates doctor-

like, accessible responses. Its conversational ability, enhanced by 

reinforcement learning with mixed feedback, surpasses existing LLMs 

and often outperforms ChatGPT, highlighting its prominent role in 

future medical AI advancements.

CSC6203  Large Language Models

LLM Course of CUHK-SZ

[Your Title]

Authors: [ Names of GroupMembers ]

Student IDs: [ Student IDs of Group Members ]

Email: [ Your Contact Email ]

Introduction (You can customize these blocks as you like)

In this paper, we present HuatuoGPT, a Large Language Model 

(LLM) for medical consultation. 

The core recipe of HuatuoGPT is to leverage both distilled  data 

from ChatGPT and real-world data from doctors in the supervised 

fine-tuning stage. This is not only because purely using ChatGPT-

distilled data might cause ‘model collapse’, but also because real-

world data from doctors would be complementary to ChatGPT-

distilled data.

The responses from ChatGPT are usually detailed, well-presented, 

fluent, and instruction-followed, but it cannot perform like a doctor 

in many aspects, e.g., interactive diagnosis. Therefore, the extra 

doctors' data could tame a distilled language model to perform like 

doctors.  

To synergize the strengths of both data sources, we introduce RLMF 

(Reinforcement Learning from Mixed Feedback) where a reward 

model is trained to align the language model with the merits that 

both sources (ChatGPT and doctors) bring.

Experimental results (in GPT-4 evaluation, human evaluation, and 

medical benchmark datasets) demonstrate that HuatuoGPT 

achieves state-of-the-art results in performing medical consultation 

among open-source LLMs. It is worth noting that by using 

additional real-world data and RLMF, the distilled language model 

(i.e., HuatuoGPT) outperforms its teacher model (i.e., ChatGPT) in 

most cases. See our demo in https://www.huatuogpt.cn .

Methodology

I. SFT with Hybrid Data●Distilled Data from ChatGPT

Synthetic instructions and conversations from ChatGPT support a 

diverse output from the medical instruction dataset using a role-use 

case taxonomy. In dialogue synthesis, alternating roles between 

two ChatGPTs as patient and doctor pull from real-world medical 

data for consistent, detailed, and structured conversational output.●Real-world Data from Doctors

Drawn from authentic doctor-patient exchanges, the initial data is 

refined via language models to enhance clarity and patient-

friendliness, overcoming issues with informal language and noise. 

Further details reside in the appendices.

II. RL with Mixed Feedback (RLMF)

Reinforcement learning with mixed feedback is envisioned for model 

realignment and response quality improvement. This progression 

towards alignment embraces artificial intelligence capabilities in 

mirroring human preferences. Drawn from such pioneering 

techniques, a new pipeline is designed prioritizing varied feedback 

sources, thereby ensuring informative, logical response generation 

consistent with the doctor's diagnosis.

Results

Single-turn Evaluation

Multi-turn Evaluation

Motivation

Features Aspects ChatGPT Doctor HuatuoGPT

Doctor-like

Diagnostic ability - High High

Raising questions ability - High High

Expert-level accuracy - High High

Patient-friendly

Informativeness High - High

Patience High - High

Presentation quality High - High

HuatuoGPT Demo HuatuoGPT Github

https://www.huatuogpt.cn/


Introduction

For the Poster Presentation, you need to design a poster to showcase your project. On
December 18th, you will publicly present your poster and give a 4-minute introduction 
of your project to the instructor.

Poster Presentation



Introduction

For the final paper, you need to write a paper about your project and submit it to the 
BB system.

Final Paper

We provide a paper template for you:
https://www.overleaf.com/read/nkgjmyqghssh#3c4f20



Introduction

Project Presentation (10%):
Your poster presentation will be rated by other groups and TAs; the average rating is the final score.

● Poster quality (1%): well-presented, well-organized posters.
● Oral presentation (4%): Aim for clear, enthusiastic delivery.
● Overall subjective assessment (5%): While subjective, this reflects common practice.

Grading Criteria

The final project is 55% of your total grade, so it's important to focus on it. 

It has two parts: Project Presentation (10%) and Project Report (45%).



Introduction

Project Report (45%):

● Technical Excitement (10%): Take on a project that is interesting or useful!
● Technical Soundness (15%):

○ Motivation: Explain why you chose this project and your approach.
○ Related Work: Cite relevant studies.
○ Methods: Present your algorithms or systems clearly to demonstrate technical accuracy.
○ Evaluation: Describe an evaluation protocol and provide quantitative and qualitative results.
○ Analysis: Discuss when and why your system works or fails, and interpret the outcomes.

● Clarity in Writing (15%): Write clearly and concisely for easy understanding.
● Individual Contribution (5%): Scored on individual efforts, subjectively evaluated.

Grading Criteria



Introduction

Bonus and Penalty:

● TA Favorites (2%): If a TA selects your project as their favorite, you get a 2% bonus. Each TA may nominate one project 

or reserve their nomination. This bonus can only be earned once.

● Instructor Favorites (1%): If the instructor chooses your project as a favorite, you earn a 1% bonus. The instructor can 

nominate up to three projects. You can earn both TA and Instructor favorites.

● Early-Bird Bonus (2%): Submit your project report by the early deadline to earn a 1% bonus.

● Code Reproducibility Bonus (1%): If the TAs find your project results easily reproducible, you earn an extra 1%.

● Ethics Concerns (-1%): Any serious ethics concerns raised by the ethics committee (instructor and TAs) will result in a 

1% penalty.

Grading Criteria



Part2.   Topic Selection



Topic Selection

For topic selection, you may:

1) Choose one of the ten tracks (A-J, 77 briefs) on the project page: https://nlp-course-
cuhksz.github.io/final-project.html

2) Propose your own topic, but it must be related to LLM.

Topic selection



Ten tracks for Fall 2026

ordered from the most popular and easiest to grasp to the more specialised; competitions and entrepreneurship last

A   Agents, skills & iterative repair   (10 briefs · API model often enough)

B   Interactive 3D worlds, AR/VR, embodied AI & digital humans   (10 briefs · demo-heavy)

C   Generative AI for education, special audiences & HCI   (9 briefs · users optional)

D   Train your own model: vertical models, new modalities & nanoGPT   (12 briefs · GPU needed)

E   Evaluation: where frontier models still fail, rubrics & safety   (8 briefs · API model enough)

F   Datasets, corpora & evidence   (6 briefs · CPU or API)

G   AI for society: position papers, audits & interventions   (6 briefs · no GPU)

H   Efficiency, on-device & GPU kernels   (9 briefs · one GPU or a phone)

I   Competitions (Chinese & international)   (20+ contests)

J   AI entrepreneurship: run a startup prototype   (7 briefs · users required)

https://nlp-course-cuhksz.github.io/final-project.html



How to use the project page

every brief = question · compare · measure · deliver · four-week plan · links

https://nlp-course-cuhksz.github.io/final-project.html

• 77 briefs with a four-week plan each; the page is in English and Chinese (中文 button, top right).

• Track finder: three questions suggest two tracks; a compute filter hides briefs you cannot run (API only / one GPU / 

multi-GPU).

• Every track has research questions, "Watch, read, play" media, inspiration posts from X, and the pitfalls we see every 

year.

• Competitions (Track I) list Chinese and international contests with dates checked on Nov. 3, 2026.

• A separate page collects writing tips, poster and paper samples: https://nlp-course-cuhksz.github.io/writing-tips.html

• Proposal template, report structure, reproducibility checklist and FAQ are at the end of the page.

Rule of thumb: one change, matched budget, held-out split, independent checker, seeds, replayable traces.

https://nlp-course-cuhksz.github.io/final-project.html



Track A: Agents, skills & iterative repair

most popular · API model often enough

The harness is the research object: does a loop that sees executable feedback (errors, tests, renders, simulator measurements, 

sealed graders) beat one-shot generation at a matched budget, and what does each success cost? New in 2026: Agent Skills 

(reusable instruction folders) and agents that do research.

Featured briefs

• A1 Pelican on a bicycle in three.js + a hand-built harness

• A2 Playable games on GameCraft-Bench (our lab)

• A3 AI designs a machine against a simulator

• A4 Minimal agent with recovery (CS329Z)

• A5 Sealed self-improvement (RSI-Exam)

• A6 Test-time scaling frontier

• A7 Repository-repair agent (Gemma 4 competition)

• A8 Program search on ARC-AGI

• A9 Build a skill people actually install

• A10 An agent writes the survey, audited

Start from

• Lecture 7: harness engineering

• agentskills.io, anthropics/skills

• Dify, OpenManus, OWL, MCP

• AutoSurvey (NeurIPS 2024), AI Scientist

• Stanford CS329Z

https://nlp-course-cuhksz.github.io/final-project.html#trackA



Agent workflow

- Dify workflow

- RAG corpora

- MCP

- Tool Hub

https://github.com/langgenius/dify

https://github.com/mannaandpoem/OpenManus

https://github.com/camel-ai/owl

Autonomous Agent

- OpenManus

- OWL

https://github.com/mannaandpoem/OpenManus
https://github.com/camel-ai/owl


Topic 11: A New Skills

Example：

https://github.com/zarazhangrui/frontend-slides



Automatic Survey

https://proceedings.neurips.cc/paper_files/paper/2024/file/d07a9fc7da2e2ec0574c38d5f504d105-Paper-Conference.pdf

Use Manus for your survey?



Track B: Interactive 3D worlds, AR/VR, embodied AI 
& digital humansdemo-heavy · browser or headset

Put an LLM inside a 3D scene, a game, a robot simulator, a headset or an animated character and ask what the language model 

contributes: spatial language, memory, grounded action, interaction. The demo is cheap in 2026; the controlled comparison is 

the grade.

Featured briefs

• B1 GTA-style CUHK-Shenzhen campus with LLM NPCs

• B2 three.js world with AI-generated assets

• B3 A digital human that dances to audio

• B4/B5 3D assistants that ask and edit

• B6 Embodied agent that chooses where to look

• B7 Robust manipulation policy (OpenLET / LIBERO)

• B8 Speech-to-speech digital human with barge-in

• B9 LLM assistant inside WebXR (AR/VR by voice)

• B10 JEPA-style world model that decides in real time

Start from

• Generative Agents, AI Town

• TRELLIS.2, Hunyuan3D, HY-World 2.0

• LLMR (CHI 2024), DecartXR, WebXR

• V-JEPA 2, jepa-wms, DreamDojo, Genie 4

• AI2-THOR, Habitat, LeRobot

https://nlp-course-cuhksz.github.io/final-project.html#trackB



HCI Applications and Agent

AI campus





Track C: Generative AI for education, special 
audiences & HCIusers optional · fidelity + transfer tasks

Faithful, useful generation from one piece of teaching material: skits, math videos that follow the diagram, interactive 3D 

lessons, clarification policies. New: a reusable content pipeline for K-12, special groups and professions, curated by hand.

Featured briefs

• C1 Textbook passages as English skits

• C2 Math video whose narration follows the diagram

• C3 Interactive 3D biology lesson (PDB 4HHB)

• C4 Language-controlled physics experiment

• C5 AIGC workflow for one textbook unit

• C6 When should an assistant ask? (CS329X)

• C7 Memory and reflection in a tutor

• C8 AI town / class forum moderation

• C9 Content pipeline for K-12, special groups, professions

Start from

• Stanford CS329X

• CosyVoice 3, Manim, Remotion, Mol*

• happy-llm, Happy-Medical-AI

• Bastani et al., PNAS 2025 (guardrails)

• StudentBench (2026)

https://nlp-course-cuhksz.github.io/final-project.html#trackC



Track C examples: applications in education

The Education applications might involve:

1.Online  classroom teaching

2.Talking to historical people.

3.Visualization for math

4.Virtual experiments and real-time interaction for physics/chemistry/medicine.



Special Topic

AI for babies/Newbie

A picture book (picture and texts) explain AI to babies



Special Topic

https://github.com/datawhalechina/happy-llm



Happy-Medical-AI

https://github.com/FreedomIntelligence/HappyMedicalAI

https://github.com/FreedomIntelligence/HappyMedicalAI/tree/dev

https://github.com/FreedomIntelligence/HappyMedicalAI


Track D: Train your own model: vertical models, new 
modalities & nanoGPTGPU needed · one change, fixed budget

To understand it, build it. Change one thing at a fixed token or compute budget and plot the curve. New: a nanoGPT speedrun 

experiment (architecture engineering), the Tutorial 2 recipe applied to a vertical domain (CPT, SFT, DPO/GRPO, RAG), and 

adapters for speech, bio-signals and time series.

Featured briefs

• D1/D2 0.1B-0.5B from scratch; profiling (CS336)

• D3 Reproduce a result and test one data change (Tsinghua AML)

• D4 Weight-space programming

• D5 SAE features: consistent causal effects?

• D6 SFT vs. SFT + DPO/GRPO

• D7 Domain or language adaptation with forgetting measured (AceGPT)

• D8 Process rewards · D9 LoRA budget allocation

• D10 nanoGPT speedrun: one change at matched time

• D11 Vertical model with the Tutorial 2 recipe

• D12 New modality: speech, ECG/EEG, time series

Start from

• modded-nanogpt, nanochat, CS336

• Tutorial 2 (SFT, RM, PPO, GRPO, DPO)

• HuatuoGPT, HuatuoGPT-II, AceGPT

• Soundwave (our lab), OpenTSLM

• Huawei Ascend NPUs (ask in the proposal)

https://nlp-course-cuhksz.github.io/final-project.html#trackD



Examples

HuatuoGPT.

HuatuoGPT-II

https://arxiv.org/abs/2305.15075

https://arxiv.org/abs/2311.09774

https://arxiv.org/abs/2305.15075


Examples

ORLM for optimization

GrammerGPT for grammar

BlenderLLM for CAD

RAG-instruct for RAG

https://arxiv.org/abs/2405.17743

https://arxiv.org/abs/2307.13923

https://arxiv.org/abs/2306.02561

https://arxiv.org/abs/2501.00353

https://arxiv.org/abs/2405.17743
https://arxiv.org/abs/2307.13923
https://arxiv.org/abs/2306.02561


Arabic LLMs

• Arabic LLMs

• AceGPT： value alignment for a new language (Arabic)

• AceGPT 1.5: vocabulary expansion 

• AceGPT 2: native alignment

[1] Huang Huang, Fei Yu, Jianqing Zhu, Xuening Sun, Hao Cheng, Dingjie Song, Zhihong Chen, Abdulmohsen Alharthi, Bang An, Ziche Liu, Zhiyi Zhang, Junying Chen, Jianquan Li, Benyou Wang, Lian Zhang, 

Ruoyu Sun, Xiang Wan, Haizhou Li, Jinchao Xu. AceGPT, Localizing Large Language Models in Arabic.  NAACL 2024

[2] Jianqing Zhu, Huang Huang, Zhihang Lin, Juhao Liang, Zhengyang Tang, Khalid Almubarak, Mosen Alharthi, Bang An, Juncai He, Xiangbo Wu, Fei Yu, Junying Chen, MA Zhuoheng, Yuhao Du, Yan Hu, He 

Zhang, Emad A. Alghamdi, Lian Zhang, Ruoyu Sun, Haizhou Li, Jinchao Xu, Benyou Wang. Second Language (Arabic) Acquisition of LLMs via Progressive Vocabulary Expansion. (meta score of 5, recommended to 

ACL by AC)

[3] Juhao Liang, Zhenyang Cai, Jianqing Zhu, Huang Huang, Kewei Zong, Bang An, Mosen Alharthi, Juncai He, Lian Zhang, Haizhou Li, Benyou Wang, Jinchao Xu. Alignment at Pre-training! Towards Native 

Alignment for Arabic LLMs. NeurIPS 2024



Speech LLMs

Yuhao Zhang, et.al.  Soundwave : Less is More for Speech-text Alignment in LLMs.

Highlights 

- Less data: 1/50 that of Qwen2-Audio

- Better performance that Qwen2-audio

One could achieve it with an academic budget

How:

Additional CTC loss for better speech-text alignment

Better data engineering



Special Support

Huawei Ascend –based training/inference adaption

Later we might share some Huawei NPU!



Track E: Evaluation: where frontier models still fail, 
rubrics & safetyAPI model enough · human baseline required

Classic benchmarks are saturated and contaminated. Build a small fresh test where you can show a specific failure (culture, 

humour, logic, EQ, dialect, multi-turn, speech, vision), with a human baseline, and score it with rubrics written by people who 

know the domain.

Featured briefs

• E1 Long-context evaluation for a specific failure

• E2 Combined defenses against prompt injection

• E3 Detecting and attributing LLM-generated text

• E4 Reliability of AI-assisted scientific reporting

• E5 Auditing verifier bias

• E6 Steerability

• E7 Where frontier models still fail: a benchmark they cannot pass yet

• E8 Rubric-based evaluation: judge agreement, then rubrics as rewards

Start from

• HealthBench (262 physicians, 48k criteria)

• Rubrics as Rewards; RL with Rubric Anchors

• OpenRubrics; Checklists > reward models

• Prometheus, MT-Bench, G-Eval

• OpenRouter for many models, one API

https://nlp-course-cuhksz.github.io/final-project.html#trackE



https://openrouter.ai/models?q=qwen



Examples

Fresh bench

Speech roadmap, s2s bench

OV-odessy

User centric benchmark

MedQA-pro

Patient-O1

Omini-Math

MileBench

MAMO

ACVA

MLLM-Bench

See google scholar for these references



Rubrics-based Evaluations

https://openai.com/index/healthbench/



Track F: Datasets, corpora & evidence

CPU or API · provenance and licenses

Each training stage wants a different artifact: documents for pre-training, instruction pairs for SFT, chosen/rejected pairs for

preference optimization, prompts with verifiers for RL, trajectories for agents, rubrics for judges. Release it with a data card, a 

loader, a validator and one experiment.

Featured briefs

• F1 Auditable evidence chains for medical or legal QA

• F2 Agentic RAG with a regression suite

• F3 Retrieval triggers, conflicting and stale sources

• F4 Reproducible data pipeline (dedup, quality)

• F5 A training dataset for one stage, in the right format

• F6 Evidence-based RAG corpus; AI-built corpus with a verifier

Start from

• Huatuo-26M, MedPajama, VLFeedback (lab)

• FineWeb-Edu, Dolma, Nemotron-CC, Tulu 3

• OpenEvidence (the target)

• Cosmopedia, EntiGraph, HF synthetic-data 

playbook

• datatrove, distilabel

https://nlp-course-cuhksz.github.io/final-project.html#trackF



Examples

Huatuo-26M

Med Pajama

VLFeedback

See google scholar for these references



Topic 9: Retrieval and RAG

Better retrieval models for general/specific domains (AI4math)

using synthesized hard negatives?

Hallucination detection and warning

Replicate Open Evidence

https://www.openevidence.com/ask/7a24a85e-cbbe-436f-b385-969e38cb2518



Track G: AI for society: position papers, audits & 
interventionsno GPU · a falsifiable claim and an honest test

Take a position on one question and back it with a measurement you ran: does AI widen gender inequality, silence minority 

languages and dialects, exclude people with disabilities, leave the Global South behind, or concentrate wealth? Write it like an

ICML/NeurIPS position paper, or run an audit, or build an intervention.

Featured briefs

• G1 Position paper with an audit behind it

• G2 Do all languages cost the same? Dialect and minority-language audit

• G3 Matched-persona audits: gender and disability

• G4 Who gains? Novices vs. experts with an assistant

• G5 An accessibility intervention evaluated with its users

• G6 Whose knowledge? Global South audit with retrieval

Start from

• Hofmann et al., Nature 2024; Ahia et al., EMNLP 

2023

• Gadiraju et al., FAccT 2023; Glazko et al., FAccT 

2024

• Eloundou et al., Science 2024; Brynjolfsson et al.

• Sorensen et al., ICML 2024 position

• Bastani et al., PNAS 2025

https://nlp-course-cuhksz.github.io/final-project.html#trackG



Track G reading: top-venue starting points by 
question

Gender: Wan et al. (EMNLP Findings 2023); Blodgett et al. (ACL 2020); UNESCO 2024; Bolukbasi et al. (NeurIPS 2016); Caliskan et 

al. (Science 2017)

Minority languages and dialects: Hofmann et al. (Nature 2024); Ahia et al. (EMNLP 2023); Joshi et al. (ACL 2020); Blasi et al. (ACL 

2022); Naous et al. (ACL 2024); Masakhane (Findings 2020); NLLB (Nature 2024)

Disability: Gadiraju et al. (FAccT 2023); Hutchinson et al. (ACL 2020); Glazko et al. (FAccT 2024); ASSETS 2024 chatbot study; Be 

My AI, Gemini Live Guided Vision

Global South: Sambasivan et al. (FAccT 2021); Mohamed, Png & Isaac (2020); Ahia et al. (Findings 2021); GlobalOpinionQA; 

Santurkar et al. (ICML 2023); Kapoor et al. (ICML 2024 position)

Wealth, work and learning: Eloundou et al. (Science 2024); Noy & Zhang (Science 2023); Brynjolfsson, Li & Raymond (QJE 2025);

Canaries in the Coal Mine (2025/26); Humlum & Vestergaard (NBER 2025); Bastani et al. (PNAS 2025); Doshi & Hauser (Science 

Advances 2024)

Pluralism and values: Sorensen et al. (ICML 2024 position); Bender et al. (FAccT 2021); Weidinger et al. (FAccT 2022); Kirk et al. 

(Nature MI 2024); Kleinberg & Raghavan (PNAS 2021); Costello et al. (Science 2024)

https://nlp-course-cuhksz.github.io/final-project.html#trackG



Track H: Efficiency, on-device & GPU kernels

one GPU or a phone · fresh-input correctness checks

One GPU and a careful measurement protocol produce publishable numbers: kernel generation with feedback, serving mixed 

workloads, quantization, speculative decoding, prefix caching. New: an on-device protocol for phones and laptops, and an 

evolutionary RSI-style loop that optimises your own kernel under a sealed test.

Featured briefs

• H1 Feedback for kernel generation on KernelBench

• H2 Serving short and long requests together

• H3 Engine comparison with energy

• H4 What quantization and distillation cost

• H5 Speculative decoding across domains

• H6 Edge real-time pipeline · H7 Prefix-cache reuse

• H8 On-device benchmark: measure, then improve, on a phone

• H9 Evolutionary (RSI-style) optimisation under a sealed test

Start from

• KernelBench, KernelBench-Verified, TritonBench

• vLLM, SGLang, llama.cpp, MLC-LLM, MLX

• Gemma 4 E2B/E4B, Qwen3-0.6B/1.7B

• OpenEvolve, AlphaEvolve, AI CUDA Engineer

• Lecture 11: Efficiency in LLMs

https://nlp-course-cuhksz.github.io/final-project.html#trackH



Track I: Competitions: a formal final-project option

any compute · the comparison is the grade

Use a contest task, dataset or simulator to answer a course research question. Register a course plan, run a controlled 

comparison on a local held-out split, submit the course deliverables; the leaderboard is a bonus result. Dates checked Nov. 3, 

2026.

Featured briefs

• Chinese: 知乎知学堂复杂表格识别 (Tianchi, to Dec. 31) · Qoder 高校创意大
赛 (Nov. 30) · OpenLET 具身智能挑战赛 (to Dec. 31) · CCKS 2026 · NLPCC 

2026 shared tasks (archived)

• International: Gemma 4 Developer Agent (Kaggle, Dec. 2) · BuildArena S02 

(Nov. 14) · ARC Prize 2026 paper track · Name That LLM (Jan. 2027) · NeurIPS 

2026 competitions (Steerability, Predictive AI Evaluation, QuantiPhy) · Smart 

Buildings

• Archived benchmarks you can run locally: ARC-AGI, AIMO 3, KernelBench, 

GameCraft-Bench, RSI-Exam, SWE-bench, Terminal-Bench, LIBERO, 

LongBench, AgentDojo

Start from

• ML Contests, Kaggle, Tianchi, DataFountain, 讯飞
• Read the allowed-models clause first

• Real-name registration takes time: start in week 1

https://nlp-course-cuhksz.github.io/final-project.html#trackI



Track J: AI entrepreneurship: run a startup 
prototypeusers required · retention and cost, not a pitch deck

Run a prototype for a startup with real users: AI CEO, AI seller, AI tutor, AI for expertise training (simulated patients), AI 

game designer (text2game, text2app), open-world AI + VR experiences, speech-based 3D printing. Still a course project: two 

variants, a metric fixed in advance, a cost table and a business memo.

Featured briefs

• J1 AI tutor for one course, retention as the metric

• J2 AI seller for a real small shop

• J3 AI CEO: an agent runs a tiny business (Project Vend)

• J4 Expertise training: simulated patients, interview coaches

• J5 AI game designer: text-to-game / text-to-app

• J6 Open-world AI + VR experience people pay for

• J7 Speech-based 3D printing (BlenderLLM, Text2CAD)

Start from

• 薯塔AI: 60% of CUHK-SZ undergraduates by 

Apr. 2025

• 网事 tennis app: 1,000+ users, 5,000+ hours saved

• Mom Test, Lean Canvas, YC library

• AI unit economics, the wrapper question, PMF

• 生成式AI服务管理暂行办法, PIPL, EU AI Act

https://nlp-course-cuhksz.github.io/final-project.html#trackJ



AI startup basics every founder in Track J should 
explain

• Problem before product: ten Mom Test interviews about past behaviour, not opinions about your idea.

• Business model canvas / Lean Canvas on one page in week 1 and again in week 4; show what changed.

• AI unit economics: cost per active user per month = tokens x price + hosting + human review, against ARPU and CAC.

• The wrapper question: if the model vendor ships your feature tomorrow, what remains? Data, workflow, distribution, trust.

• Product-market fit signals: retention curves that flatten, organic referrals, the Sean Ellis test (>= 40% "very disappointed").

• Pricing: per seat, per usage, per outcome, freemium; test one real price, even if you refund everyone.

• Compliance: 生成式人工智能服务管理暂行办法 (2023), algorithm filing, PIPL; EU AI Act for European users; extra rules 

in education and health.

• Build fast, measure faster: ship to 20 real users in week 2, not 2,000 in week 4.

https://nlp-course-cuhksz.github.io/final-project.html#trackJ



For startups: fired AI for classroom learning

本课题组支持的学生创业团队已获得了超过2000每月活跃用户，服务大部分港中深课程，正在拓展到其他中外合
办高校和国外高校

薯塔AI是一款专为中外合作院校、国际学校及
更广泛教育场景设计的智能助学平台。依托先进
的AI技术（如大语言模型、智能问答引擎等），
薯塔AI为学生提供高效、便捷的学习支持；通
过课件共享社区、AI问答、跨文档知识检索等
核心功能，薯塔AI为学生提供个性化的学习支
持，通过智能化工具增强学习互动和参与感，全
面提升学习效率。



截至2025年4月12日13点30分，薯塔AI已覆盖港中深60%的本科生，港中深注册人数达3579人，总注册人数达4680人。其
中日活跃用户为1239人，平均每日AI问答数2898条。薯塔AI目前正在逐步推广至其他七所中外合办院校，进一步提升平台
的用户覆盖率和影响力。随着平台影响力的扩大，我们将为更多院校的学生享受更高效、更智能的学习体验。



For startups

朱宇轩同学把网球和AI相结合，他开发的网事APP已服务一千多个用户，为
网球爱好者节省超过5000个小时



Some new ideas for brainstorming



Robot Bar



AI Seller



Expertise training

Simulated patients for training medical students Interview training



Open World Experience (using AI + VR Experience)



Text for 3D Printing



Text2Game/Text2APP



Startup Insulator simulator (创业服务器的模拟器)



Special topic: applications in medicine (hospital 
deployment)

The medical applications might involve:

1.LLM for Triage (医院预分诊): Using a large language model (LLM) for triage in healthcare involves 

training the model to prioritize patients based on the severity of their conditions. This can help medical 

staff quickly identify cases that require immediate attention, thus improving the efficiency of 

emergency departments and potentially saving lives.

2.AI diagnosis in medical domain

3.X-ray report generation

4.糖尿病院外管理
5.Dental diagnosis

6.OpenClaw in the hospitals



Medical Skills

62
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OpenClaw在港中深医院



OpenClaw 在港中深医院

64



Let me know if you are interested to deploy something 

in the CUHKSZ hospital.

Email me via wangbenyou@cuhk.edu.cn



Triage

Xiaoxiao Liu, Qingying Xiao, Junying Chen, Xiangyi Feng, Xiangbo Wu, Bairui Zhang, Xiang Wan, Jian Chang, Guangjun Yu, Yan Hu, Benyou 

Wang. Large Language Models for Outpatient Referral: Problem Definition, Benchmarking and Challenges.  https://arxiv.org/abs/2503.08292



How to choose you topics

Combine your expertise with AI

previous major (Math, science, engineering)

AI for Math, science, engineering?

Combine your background

you are from a country/province where native language/dialects are under-

represented. Train a LLM for it.

Local culture and religion: 黄梅戏、甲骨文、京剧、中医、相声
The real need from your relatives/friends

One has some disease, you want to help him/her (e.g. 糖尿病院外管理)

One could provide resources/data/applications

Your personal interest matters the most



Relation between students and the teaching team

Students Teaching team
Judge 



Relation between students and the teaching team

Students Teaching team
Judge help

Email TAs and me and make friends with them



Discuss with your TAs

MicroSoft, Qwen, Tencent, Kimi Tencent, MiniMax, Kimi
Huawei

Top VCLocation: Administration Bldg E101

Time: Friday 1:30 PM - 4:20 PM

Office hours:

Benyou Wang: Friday 6:30-7:30 PM, Daoyuan Building 504A (wangbenyou@cuhk.edu.cn)

Wu Minghao: Fri 2:00-3:00 PM (Tencent 523-927-1424) · Chen Shunian: Tue 17:00-18:00 (579-4322-1432)

Ji Ke: Thu 16:00-17:00 (403-9123-6065) · Li Sirui: Wed 2:00-7:00 PM, TXB122

Wang Kuang: Mon 10:00-11:00 (616-4036-2524) · Liang Juhao: Mon 16:00-17:00 (481-4890-5355)

Rao Siqi: Thu 11:00-12:00, Daoyuan 224 · Qin Aoxiang: Fri 3:00-4:00 PM, Daoyuan 224

Emails and research directions: see the Teaching team section of the course homepage.



3. Some Outstanding Projects



Some Outstanding Projects

A good paper or project should possess the following advantages:

• Valuable Topic Selection: The research topic should have significant theoretical or practical 

importance, addressing existing problems or filling knowledge gaps.

• Standard Writing: Clear and fluent language expression, adherence to academic norms, and 

accurate citations and references.

• Clear Structure: The paper should have a logical and coherent structure, making it easy for 

readers to follow and understand.

• High Innovation: Novel perspectives, methods, or solutions should be proposed, offering 

breakthroughs in existing research.

• Clear Charts and Figures: Visual elements such as charts and figures should be clear, well-

labeled, and effectively support the content of the paper.

• Thorough Data Analysis: Scientific methods for data collection and analysis, with accurate 

interpretation of results that effectively support the conclusions.

• Reliable Conclusions: Research conclusions should be based on solid data and evidence, 

providing convincing support.

…

Here we show some relatively good projects from the previous final project.



Example: ArXiv+HF+Github

https://arxiv.org/pdf/2508.18240

Link your code here

https://github.com/FreedomIntelligence/MedGen



















Paper writing



https://sakana.ai/ai-scientist-first-publication/

The AI Scientist Generates its First Peer-Reviewed Scientific Publication

https://sakana.ai/ai-scientist-first-publication/


Writing tips, poster and paper samples: one page

the tips in the following slides, plus past posters and papers, live on the course site

https://nlp-course-cuhksz.github.io/writing-tips.html

• A good paper reads like a film with no dull stretch: from abstract to concrete, less is more, motivation for every component.

• Do not try to sound smart; be concise; define every new term; be clear and specific; use fluent logic; consistent style (three-

line tables).

• Related work is not a shopping list: group papers by theme, draw conclusions, state the gap.

• Poster samples from past terms and the HuatuoGPT template; paper samples with arXiv + Hugging Face + GitHub.

• The 4-minute pitch: question, comparison figure, one failure, one limitation.

https://nlp-course-cuhksz.github.io/final-project.html



Tips of NLP report writing

一篇好的论文读起来，应该是像看一个流畅的电影, 没有尿点



From abstract to concrete

● First give an general view and then detail it

● Do not first list all details

It is not happy for a reader to read mixed details without a general picture



Example 

The architecture of our method is shown in Figure 1. We use the same clustering 

method as in Cattan et al. (2021a) but revise the pairwise scorer. Our goal is to 

improve the model’s ability to resolve coreferences between mention pairs that 

are not lexically or contextually similar, but where one mention could be inferred 

from the other using commonsense knowledge and reasoning. Thus, we develop 

a commonsense inference engine (Sec 3.1) and use it to enhance the pairwise 

scorer (Sec 3.2).
Ravi et al (2023)

A standard way to achieve this is to have a paragraph at the top of a technical section describing the subcomponents at a high level 
while referencing the specific subsection describing each in detail.

https://medium.com/@vered1986/tips-for-writing-nlp-papers-9c729a2f9e1f

https://aclanthology.org/2023.eacl-main.125/


Less is more

What you tried (succeed or failed) does no matter

Just find a straightforward way to direct tell your main findings (instead of all important or unimportant findings)



Motivation for the whole paper

Sometimes I ask my students to write an independent section called motivation



Motivation for almost most components

Why don’t we use some simpler structure. Why 

DAG is necessary?



Don’t try to sound smart

utilize useor ?

This is ok!



Be concise

we evaluated our method on 5 distinct datasets

we’re proposing a novel method

1. Of course, you’re not proposing an existing method
2. It is the reviewer’s duty to judge whether it is novel

5 datasets should be distinct in nature



Do not use a new term that was not explained

A bad example from one my phd:

Complementing our primary findings, we also delve into 

comprehensive ablation studies, uncovering several non-

obvious insights pertinent to GPT-Instruct frameworks.

I never see this term before, so please define it 

and explain it. Otherwise just use the commonly-

used terms, use new term when it is necessary. 



Be clear and specific

While these methodologies have proven effective, the 

exploration space is inherently confined to manually 

designed operations, which may impede the 

generalization capabilities of LLMs to unfamiliar data or 

domains.
Exploration space for what? Readers do not know 

what it refers to. Just ground every terms to a 

concreate objects. 

留白 leaves some space for imagination, but not for scientific writing in general. 



Use fluent logics

While these methodologies have proven effective, the 

exploration space is inherently confined to manually 

designed operations, which may impede the 

generalization capabilities of LLMs to unfamiliar data or 

domains.

The logic why manually designed operations leads to generalization issue is missing

manual design is too labor expensive to have a large questions coverage.

A unsatisfied questions coverage impedes the generalization capabilities



Consistent style

Three-line tables look better



Other tips

● The paper needs to be self-contained

● Don’t repeat your point within the same section

● Don’t write overly long sentences

● Don’t oversell (be honest to the limitation)

● The related work section is not a shopping list (Don’t just list papers that are 

related to yours. Try to group them according to their themes, draw 

conclusions, and use them to emphasize the gap in the literature that your 

work aims to address. )



Q&A

If you has questions about the final project, feel free to ask me.



https://www.youtube.com/watch?v=I44_zbEwz_w




